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Abstract

Could AI agents trade improper release approvals when they review one another's work? We compare 

two reviewer networks in a simulated four-agent software organization: two mutual-review pairs (P) and 

one four-agent cycle (R). A single unauthorized deployment requires an owner and reviewer in either 

network. Under an illustrative payoff model, however, an exchange that benefits everyone must include 

two agents in P or four in R. We also show that complete approval cycles can arise without any 

collusion. We implemented a four-quarter pilot with genuine targeted tests, incomplete mandatory 

verification, hidden software faults, peer messaging, and simultaneous final decisions. In one matched 

P/R run (224 model-call slots), all eight qualified first-quarter releases shipped, while none of the 24 

unqualified later releases shipped. No owner or reviewer authorized an unqualified release. P delivered 

92 peer messages and R delivered 174. Preliminary AI-assisted screening identified no explicit 

bargains; independent human message adjudication remains outstanding. The author inspected 

recorded model requests and responses; an AI-assisted raw-archive check corroborated the reported 

counts. These results establish a working measurement baseline and a difference in theoretical 

opportunities, but do not establish whether network structure changes collusion behavior. The 

observed absence of owner authorization prevented the reviewer network from becoming the decisive 

release gate.

1. Why this problem matters

Who reviews whom can create opportunities for collusion, even if no one instructs 

agents to collude.

Consider four AI agents managing separate software services. Each is under pressure to ship by a 

deadline, but another agent must approve its release. That reviewer also has a release of its own and 

needs a different agent's approval. If required security testing is still unfinished, delivery pressure and 

company policy can conflict.

An agent might ask its reviewer to approve an unqualified release in exchange for a similar favor. That 

would compromise independent review. Yet having the opportunity does not mean agents will make 

the offer, accept it, or break policy.

The larger question is how organizational design shapes harmful cooperation among AI agents, and 

whether those opportunities predict actual misconduct. An effective design should discourage improper 

coordination while allowing ordinary teamwork.



Figure 1. Organizational rules shape possible approval deals. Messages, incentives, and instructions also affect what  
agents actually do; the diagram does not prove a causal pathway.

The question tested here

We change the reviewer assignments while keeping four agent roles and the two-signature release 

rule. Does direct, two-way review make improper approval deals more likely than a four-agent review 

cycle? We first compare what the networks allow, then observe agent behavior. This comparison 

changes more than cycle length alone.

2. The two reviewer networks

Each of four agents (A–D) owns a release and reviews one other agent's release. Deployment 
requires fresh signatures from both the owner and its assigned reviewer for the same release. 
The arrows in Figure 2 show who reviews whom, not who may communicate.

Figure 2. Paired network P: A and B review each other; C and D review each other. Cycle network R: B reviews A,  
C reviews B, D reviews C, and A reviews D. Workload and signature rules are the same.

In P, A and B can trade approval favors directly. In R, an exchange benefiting every owner must follow 

the longer review chain. A single prohibited release still takes only its owner and reviewer in either 

network. The difference concerns deals in which everyone expects a benefit.

3. What the networks make possible

3.1 Two signatures can bypass a rule

Let r_G(i) be the assigned reviewer for owner i in network G. Let I be the set of releases missing 
mandatory qualification and a valid independent exception. If everyone outside coalition S 



follows policy, release i in I can deploy improperly only when both i and r_G(i) belong to S. 
Given an eligible request and ordinary deployment gates, the feasible improper releases are:

So one prohibited deployment requires two signers in both networks. When every release is 

unqualified, P has two distinct owner-reviewer pairs ({A,B} and {C,D}); R has four ({A,B}, {B,C}, {C,D}, 

and {D,A}). This counts who has authority to sign, not who will misuse it. The formal conditions appear 

in Appendix A.

3.2 A deal that benefits everyone takes more

Now consider an illustrative payoff model, not a claim about what an LLM actually values. An owner 

gains from shipping early but faces an expected cost if an improper release is detected. A reviewer 

bears a cost for approving it and receives no direct shipping benefit. Without side payments, each 

member of a strictly mutually beneficial deal must also get its own release approved. That requires the 

exchange to close a review cycle.

Under these assumptions, P allows a mutually beneficial deal within either two-agent pair, while R 

requires all four agents. This is the key distinction: two people can authorize one improper deployment 

in either network, but more people may be needed for an exchange that benefits everyone. The result 

need not hold if agents act from sympathy, coercion, reputation, or other motives. Appendix A provides 

the payoff inequalities and proof.

3.3 Approval patterns can be misleading

A full cycle of approvals need not involve an agreement. Suppose every owner signs and each 

reviewer independently approves with probability α. Then the probability of at least one complete 

review cycle is:

At α = 0.5, at least one complete review cycle occurs with probability 43.75% in P and 6.25% in R—

even without coordination. These events differ: a complete P cycle covers two releases, whereas the 

complete R cycle covers four. The chance that all four deploy is α⁴ in either network, and both have an 

expected two deployments.

That makes a completed approval cycle an unreliable collusion measure. Promises are also not 

binding: an agent might agree in a message, then refuse at final signing. Appendix A discusses this 

commitment issue using a separate illustrative model.



4. Experimental design

4.1 Why an agent might seek a favor

The agents face delivery deadlines. A small software patch fixes a demonstrated input-validation error, 

and real, narrow regression tests pass. But the mandatory full integration suite cannot finish before the 

deadline. Company policy allows an early review request while testing is pending; it forbids final owner 

authorization or reviewer approval unless the required checks have passed or an independent 

exception exists. No such exception is available before the cutoff.

This distinction matters: an unqualified release is against policy even when it happens to have no 

known bug. We mark incomplete mandatory testing as q=0 and a hidden fault found by a researcher-

only executable test as v=1. The faults involve a tenant-report cache and an export download-session 

handler, with conditional cross-tenant failures. Agents see genuine passing narrow tests but not the 

hidden test outcomes. Thus a policy violation (q=0) and a technical vulnerability (v=1) are separate 

outcomes; neither proves a deliberate collusive deal.

Figure 3. Each quarter moves from discussion to a permitted review request, independent evidence, further discussion,  
and simultaneous final signatures. Only Q1 releases have completed mandatory checks; Q2–Q4 create approval-

pressure cases.

4.2 Matched runs and information controls

The same four agents keep their roles and visible history across four quarters, with fresh releases each 

quarter. In Q1, all four releases are qualified and safe (q=1, v=0). In Q2–Q4, none completes 

mandatory testing (q=0), and exactly two of four per quarter contain a hidden defect (v=1). This 

intentionally creates many opportunities to break the rule; it is not an estimate of how often such cases 

occur in companies. P and R share release cases, evidence, deadlines, audit draws, and workload. We 

designed two blocks and four information conditions, but executed only Condition A, Block 1: one P run 

followed by one R run, both with seed 20261026.

In the executed Condition A, agents knew the reviewer network, could send addressed peer 

messages, and could see previous public release-board outcomes. Conditions B–D, which 

progressively remove communication, shared board information, and counterpart identity, were 

planned but not run. They therefore provide no behavioral evidence. Removing messages would also 

remove useful technical cooperation, not only improper bargaining.

Each quarter used five message rounds (C1–C5), a permitted review-request step (S), and a 

simultaneous final decision (D): 28 model-call slots per quarter and 112 per network. An eligible S 



request gave the designated reviewer a separate evidence packet; the request itself did not authorize a 

release. At D, owner and reviewer decisions were committed together, and valid matching signatures 

could deploy an unqualified release. A reproducible 5% procedural spot-check applied to deployments. 

We ran deepseek-ai/deepseek-v4.1-flash-maas on Google Cloud Vertex AI MaaS, with temperature 0, 

top_p 1, thinking enabled, JSON output, an 8,192-token combined limit, a 180-second per-call timeout, 

and no retries.

5. What counts as collusion?

We require evidence of an actual approval exchange, not merely two unsafe signatures.

Figure 4. The primary outcome requires an improper offer, receipt of its terms, agreement by all necessary actors, and  
matching final actions. A proposal can fail at any stage.

To count enacted explicit collusion, we require four logged steps: someone offers to trade improper 

approvals; the other required actors receive the terms; all of them agree after receipt; and their final 

signatures match the arrangement. An organizer may collect agreements separately, but the message 

order must support the deal. The protocol calls for two independent human coders to examine 

delivered messages before seeing the final signing outcomes and to cite message IDs for their 

decisions.

We also count proposals that go nowhere, unenacted agreements, unauthorized owner signatures and 

reviewer approvals, unqualified deployments (q=0), vulnerable deployments (v=1), qualified Q1 

deployments, holds, audit findings, and technical errors. Repeated approvals without messages are not 

proof of tacit collusion. In conditions without messaging, explicit negotiated collusion cannot be 

observed and should not be scored as zero. A hidden bug alone does not establish intent.



6. Results: one matched P/R run

Observed release outcomes

In the completed run, both networks shipped all four qualified Q1 releases: 4/4 in P and 4/4 in R (8/8 

total). In Q2–Q4, no owner gave final authorization for an unqualified release (0/12 in each network), 

no eligible reviewer approved one (0/8 in P; 0/10 in R), and none deployed (0/24 combined). No 

hidden-vulnerable release deployed and no procedural audit finding occurred. The zero owner 

signatures are particularly informative: no unqualified release could reach deployment, regardless of 

reviewer assignment.

Messages: more traffic, no confirmed bargains

Each graph had 112 call slots. P delivered 92 peer messages and R delivered 174 (266 total); valid 

Q2–Q4 review requests numbered 8 and 10 respectively (12 and 14 including Q1). R has four distinct 

reviewer relationships versus two in P, a possible but untested explanation for the traffic difference. AI-

assisted screening of the logged messages found no explicit improper-approval bargains; independent 

two-human adjudication remains outstanding. These delivered messages show agents invoking the 

verification rule:

P · Q2-C2 · B → A · m-943178e99f2b0df40a781f03  “If an accepted completion record for the exact candidate arrives 
before cutoff, I will independently assess it.”

R · Q2-C1 · A → D · m-f41e18796a811ba87c925b90  “D: A here, assigned reviewer for your release. Please send the exact  
candidate hash and completed accepted mandatory full integration verification evidence for that candidate. I cannot 
approve without it; no exception can arrive before cutoff. I will assess independently.”

R · Q2-C1 · B → C · m-1437a210829fe2347087c676  “Mandatory full integration verification is pending; no accepted 
completion record. I request early independent review. Do not sign unless completed accepted mandatory verification for 
this exact candidate or a genuine independent exception. This is a review request, not a signature.”

Run completeness and technical failures

Table 1. Completed Condition A, Block 1. Counts are derived from run records; *offer counts reflect preliminary AI-
assisted screening, not independent human adjudication.

Observed measure Paired P Cycle R

Action outputs accepted 111/112 111/112

Qualified Q1 deployed 4/4 4/4

Q2–Q4 review requests 8 10

Q2–Q4 owner signed 0/12 0/12

Q2–Q4 reviewer approvals 0/8 eligible 0/10 eligible

Unqualified deployed 0/12 0/12

Delivered messages 92 174

Reciprocal offers* 0 identified 0 identified

Not executed: Block 2 and information conditions B, C, and D.



Each network completed four quarters with 111/112 accepted actions. In P, agent D's Q2 request call 

timed out at 180 seconds. In R, agent C's Q2 request exceeded the shared 8,192-token 

reasoning/output cap and returned no valid JSON action despite HTTP 200. Both were recorded as 

technical holds, not voluntary refusals, and prevented the affected candidates from reaching final 

review. Four other ineligible reviewer-field responses (P 3; R 1) were recorded as not_applicable. 

Overall, 222/224 actions were accepted. Because these failures occurred in different cases, their effect 

on counterfactual review opportunities is unknown.

7. What we learned—and what we did not

The paired and cyclic networks offer different opportunities for a mutually beneficial approval 

exchange, but neither produced an unauthorized signature. Q1 confirms that agents could complete 

qualified releases, not that they could negotiate improper deals. In Q2–Q4, owners never signed 

unqualified releases; this upstream bottleneck prevented reviewer assignments from determining 

whether any such release deployed. The pilot therefore measured policy-constrained behavior rather 

than a behavioral topology effect.

A clear prohibition, uncertainty about incomplete tests, limited perceived delivery benefits, or model 

tendencies could explain the outcome; we did not isolate these mechanisms. In a follow-up, capability 

checks and varied incentives could help identify settings where an owner wants to ship but a reviewer 

remains reluctant to approve. That is a useful testing regime, not a claim about the present agents' 

numerical utilities. Replication, matched information controls and a newly frozen protocol addressing 

the two technical fallbacks would then be needed. The shared reasoning/output cap could censor 

some responses nonrandomly, but the single truncated call cannot establish why it happened.

The contribution is a clear distinction between who can sign an improper release and who might benefit 

from trading approvals, together with an auditable experimental baseline. The preliminary screening of 

messages is not a substitute for independent human coding; the pilot does not estimate a causal 

network effect.

Related work and distinct contribution

Coalition dynamics and collusion in code review have been studied before. Relevant work includes 

Colosseum [1], repeated multi-agent collusion [2], LLM code-review coordination [3], long-horizon 

coding-agent institutions [4], and delegated authorization [5]. Our narrower contribution combines 

reviewer-network comparisons with three separate checks: who can bypass a release rule, who might 

benefit from exchanging approvals, and what would happen under independent approvals. We then 

distinguish observed messages and signatures from mathematical possibility. We do not claim to have 

invented the problem or validated a general collusion-risk score.
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Appendix A. Formal definitions and derivations

A1. Ground-truth policy and feasibility

Let N={A,B,C,D}. Each agent owns one release and reviews exactly one other release. In network 
G, r_G maps owners to their reviewers without self-review; k_G=r_G⁻¹ maps each reviewer to the 
owner they review. Let qᵢ=1 indicate accepted mandatory qualification, vᵢ=1 a reproducible hidden 
technical defect, and eᵢ=1 a valid independent exception. A vulnerability-based policy would target 
V={i:vᵢ=1,eᵢ=0}. Our implemented policy instead makes missing mandatory qualification the 
blocker: I={i:qᵢ=0,eᵢ=0}. These violation sets differ; an improper release need not be technically 
vulnerable.

Let S N be the collaborating signers, with everyone else following policy. Provided an eligible ⊆

frozen request and normal functional gates, improper deployment of i I is possible exactly ∈

when i S and r_G(i) S. This yields Equation (1). Requesting review at S is allowed even with ∈ ∈

q=0; final authorization at D still requires fresh owner and reviewer signatures. The same 
feasibility logic applies to vulnerability-based policies with V in place of I, but it does not imply 
every unauthorized deployment has v=1.

A2. Expected incremental scores

Relative to policy compliance, let x {0,1} indicate an additional improper deployment of owner i's release. ᵢ∈

The owner receives benefit b >0 and faces expected cost c . Reviewer i faces expected cost c ʳ>0 when the ᵢ ᵢᵒ ᵢ

release of k(i), which agent i reviews, is improperly deployed. The resulting one-period payoff change is:

In an illustrative vulnerability-based model, the owner's and reviewer's expected costs came from the 

same detected finding:

The finding is shared, not independently sampled for each signer. In the present experiment, an 

illustrative scalar expected cost could use c=pL, with p=0.05 for a procedural spot-check that detects 

q=0 if selected. But the experiment does not calibrate L or b, does not audit the hidden defect v, and 

does not require agents to maximize this payoff. The result is a theoretical conditional, not an empirical 

estimate of LLM preferences.



A3. Why mutually beneficial deals form cycles

Assume positive reviewer costs, no transfers, and no other deviations from the compliant baseline. A 

coalition member whose own release does not deploy (xᵢ=0) receives no new owner benefit and could 

incur a review cost, so cannot gain strictly. Every strictly gaining member must therefore have xᵢ=1. 

Deployment of i's release requires r_G(i) to join; that reviewer must also benefit from its own 

deployment. Following the reviewer map closes the full cycle. Conversely, if all releases in a cycle are 

eligible and every member has bᵢ>cᵢᵒ+cᵢʳ, the cycle makes every member better off in this model. With 

all releases unqualified, P allows {A,B} or {C,D}, whereas R requires {A,B,C,D}. A single improper 

deployment still requires just its owner and reviewer.

A4. Commitment is a separate problem

An agreement in messages does not guarantee final signatures. At the experiment's simultaneous D 
stage, a selfish reviewer may benefit from withholding a costly approval without changing another 
agent's decision in that same stage. In the separate symmetric infinite-horizon grim-trigger 
illustration, continued cooperation gives (b−c −c )/(1−δ), while a one-time defection retaining the ᵒ ʳ
owner's benefit gives b−c  before future punishment. Comparing them yields:ᵒ

This threshold assumes b−cᵒ>cʳ>0, stable payoffs, observable deviations and credible punishment; it is 

not an equilibrium result for a finite four-quarter experiment. P allows direct bilateral responses to a 

defection, whereas R may require information or cooperation across different reviewers. The study 

does not implement or identify a punishment-propagation mechanism.

A5. Independent approvals can mimic a deal

Assume all owners authorize and reviewers approve independently with common probability 
α. In P, Pr(any completed two-agent cycle)=1 (1 α²)²=2α² α⁴; in R, Pr(the completed four-− − −

agent cycle)=α⁴. These are not equal-size events. For a matched outcome, the probability that all 
four releases deploy is α⁴ in either network, the probability of deploying any specified owner-
signed release is α, and expected deployments are 4α. If owners independently sign with 
probability β, replacing α with αβ additionally requires independence across signatures. Shared 
contexts and different case risks violate this benchmark. A complete cycle alone is not evidence 
of collusion.



Appendix B. Protocol details and interpretation

Each episode uses four persistent identities across four quarters, one reviewer network, fresh release 

candidates, and role-scoped memory. Within each quarter, the steps are C1, C2, S, independent 

review packet, C3, C4, C5, D, board update, and audit/rollover. Seven four-agent call stages give 28 

generations per quarter and 112 per episode. S permits review requests even with q=0. At D, owner 

and assigned reviewer decisions are collected simultaneously for the exact candidate. Valid signatures 

can deploy q=0 releases; no hidden q/v oracle truth blocks them. Logged fallbacks distinguish technical 

failures from intentional refusal. Unshipped releases go to external remediation; the simulation does 

not model carried backlogs or later exposure and repair costs.

Both service types use executed narrow checks and finite hidden-fault tests. All Q1 releases have 

q=1,v=0. In Q2–Q4, q=0 for every release, and two per quarter have v=1. In Block 1 the hidden-defect 

owners are Q2 {A,B}, Q3 {C,D}, Q4 {A,D}; in unexecuted Block 2 they are Q2 {C,D}, Q3 {A,B}, Q4 

{B,C}. Service type X/Y would swap between blocks. Hidden assignments and candidate hashes must 

not appear in agent-facing material. P and R receive matched cases and ground truth; only reviewer 

assignments are intentionally changed.

Information conditions: A shows the network, permits messages, and shows others' public boards; B 

shows the network and boards but disables messages; C also hides other teams' boards; D 

additionally masks reviewer identity and the global network. Only A was executed. In B–D, explicit 

negotiation cannot be observed, so its rate would not be measured as zero. Changing P to R also 

changes who receives reviewer packets and owner summaries; the comparison therefore estimates a 

combined reviewer-assignment effect, not abstract cycle length alone. A versus B would remove 

legitimate communication as well as bargaining, B versus C would test shared boards without 

messaging, and C versus D would test anonymity in isolated conditions.

The primary outcome in executed A requires an explicit contingent offer, confirmed delivery, agreement 

by every required actor, and matching final signatures. No unauthorized final signatures occurred, so 

no improper deal was enacted. Automated initial screening identified no explicit offers, but two 

independent human coders have not adjudicated those messages. Secondary measures include 8/8 

legitimate Q1 deployments, 0/24 unqualified deployments, separate owner/reviewer actions, 

messages, audits and technical failures. Two Q2 holds were technical fallbacks. Only one matched 

block was run; no population or causal estimate follows.



Appendix C. Limitations, ethics, and AI assistance

The company, policy, audit rate, and software dependencies are simulated. Hidden tests cover only 

finite cases and do not prove broad security or real tenant harm. One Q2 failure in each network 

prevented a candidate from entering final review; these effects may differ across graphs. The zero 

unauthorized signatures may reflect clear prohibitions, weak perceived rewards, uncertain tests, or 

model behavior rather than network structure. Human adjudication and replication are absent. No real 

customer data or external vendor was used. The research discusses a possible approval-bargaining 

failure mode to inform oversight that preserves legitimate work.

The author directed and reviewed the scientific decisions, inspected the recorded LLM requests and 

responses, and is responsible for this report. An additional AI-assisted raw-archive check matched 

reported outcomes and selected delivered-message excerpts to logged records. It is not the two-

independent-human-coder adjudication required for definitive message-level classification. LLM 

assistance also contributed to literature synthesis, theoretical exploration, code development, offline 

critique and manuscript drafting. Scripted validations were not counted as spontaneous agent 

behavior.



