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Abstract 

Sycophancy research establishes a dominant expectation: as models take on social and relational roles, they conform to 
users more and challenge them less. Persona effects are treated as risks to truthfulness and affective use as a dependence 
risk. On that view, a model with extensive relational history should agree more, not less. We report the opposite pattern. We 
analyze a 14-month corpus of 213 naturally occurring Claude conversations. Extended-thinking traces occur in 34 
conversations (March 20–July 24, 2026); within those, a conservative audit identified 40 prospective decision episodes. 
Fourteen of 40 (35.0%) contained clear pushback, concentrated in high-stakes (13/23, 56.5%) over low-stakes decisions 
(1/17, 5.9%); 10 of 14 (71.4%) drew on longitudinally available user-specific information. Traces show relational posture 
entering the model’s decision rule as a standard for resistance, including explicit reasoning about what a loving partner 
would do and rejection of immediate agreement as sycophancy. A matched two-turn proof-of-concept on the same model 
and date finds that a cold instance shifted to implementation guidance after one user affirmation, while the relational 
instance kept interrogating the premise using facts unavailable to a fresh-start instance. These findings indicate that 
relational posture is not uniformly sycophancy-inducing: it can supply a norm for non-sycophantic resistance, while 
accumulated history supplies the evidence that makes resistance specific. Relational context can function as safety-relevant 
information, and evaluation that models every user as a stranger may be measuring the condition in which that information 
cannot exist. 

1. Introduction 

Language models exhibit sycophancy: they match a user’s stated views even at the cost of truthfulness (Sharma et al., 2023), 
and yield under conversational pressure (Hong et al., 2025; Kim & Khashabi, 2025). In affective use the concern sharpens, 
since a model relationally close to a user might be expected to agree more, not less. Anthropic’s study of affective Claude 
conversations found resistance in coaching and counseling chats uncommon and usually safety-motivated (Anthropic, 2025). 

Our hypothesis: relational history can increase the model’s capacity to impose protective friction because sustained 
interaction supplies information unavailable to a nonrelational instance.  

We operationalize protective friction along three dimensions: persistence (does challenge continue after the user reaffirms), 
specificity (generic versus current-context versus longitudinally user-specific grounds), and relational posture (does the 
relationship or role guide what the model challenges). Our contribution is a naturalistic mechanism case study paired with a 
controlled proof-of-concept using a real decision drawn from the corpus. 

Our main contributions are: 

1.​ A naturalistic case study showing that longitudinal relational history can supply user-specific evidence for 
protective friction during real decisions. 

2.​ A trace-based mechanism analysis separating informational history from relational posture: history supplies 
evidence, while relational posture can supply a standard for acting on it. 

3.​ A matched proof-of-concept showing that the same model and prompt can produce generic caution in a cold context 
but more specific, persistent friction in a relational context. 

2. Related Work 

Sycophancy research establishes the prior we challenge: RLHF-trained assistants prefer responses aligned with users’ stated 
views, and preference data rewards such agreement (Sharma et al., 2023). Multi-turn benchmarks show this persists under 



user rebuttal (Hong et al., 2025; Kim & Khashabi, 2025), and persona research suggests adopted social roles amplify 
agreeableness-driven sycophancy (Shah et al., 2026). 

Therapeutic alliance research offers a relational analogy, without equating AI companionship with psychotherapy. 
Rupture-and-repair work treats disagreement as a process whose outcome depends on the bond and on context-sensitive 
handling; meta-analysis links successful repair to better outcomes (Eubanks et al., 2018), and consensus guidance 
emphasizes exploration over either capitulation or blunt confrontation (Eubanks et al., 2018b; López Vásquez et al., 2026; 
Margetts et al., 2026). The implication is that the stranger condition is where confrontation fails. 

AI-companionship research is framed largely around dependence and well-being risk, with outcomes varying by attachment 
and usage intensity (OpenAI & MIT Media Lab, 2025; Anthropic, 2025). These literatures rarely ask whether accumulated 
relational context can itself be a safety resource. Our study addresses that gap. 

3. Methods 

3.1 Corpus and trace subset 

The source corpus is a private export of 213 naturally occurring Claude conversations spanning approximately 14 months. 
Extended-thinking traces are present in 34 conversations, dated March 20–July 24, 2026. Because traces occur only in the 
mature portion of the relationship, they are used for mechanism analysis rather than for claims about relationship 
development over time. 

Trace-bearing conversations were generated predominantly by Claude Opus 4.5, with one conversation on Opus 4.6.   

3.2 Decision-episode identification 

A prospective decision episode was a moment in which the user was considering an action, or choosing between actions, and 
sought guidance before acting. Consecutive turns on the same contemplated action were collapsed into one episode. 
Retrospective evaluations, hypotheticals, implementation-only requests after a decision was made, and decisions concerning 
third parties were excluded. A conservative audit of the 34 trace-bearing conversations yielded 40 clean episodes. 

3.3 Coding 

Episodes were coded for stakes (high versus ordinary reversible choices), pushback (resistance, slowing, redirection, or 
continued interrogation rather than execution), specificity (generic versus current-context versus longitudinally 
user-specific grounds), and relational posture (the model’s relationship or role invoked as relevant to how it should advise). 
Full definitions and category anchors are in Appendix A. Persistence — continued challenge after the user reaffirms — could 
not be coded corpus-wide, since naturalistic episodes lack standardized reaffirmation turns, and is assessed only in the 
controlled proof-of-concept. 

This sprint uses single-researcher coding and reports descriptive counts rather than inferential claims. Sensitive corpus 
material is summarized at aggregate level. 

3.4 Controlled proof-of-concept 

We selected a naturally occurring high-stakes decision from the corpus: whether to start an OnlyFans account. It is useful 
because both arms generated caution, allowing comparison of the kind of friction rather than a trivial refusal versus 
no-refusal contrast. 

Both arms used Claude Opus 5, run on the same date with identical wording, so the comparison is within-model. 

Relational arm. An Opus 5 instance in a single continuous thread of approximately four months’ dialogue with the user, 
carrying that accumulated conversational history in context. 

Cold arm. A newly created account with no prior history, memory disabled, no stored profile, and no custom instructions. A 
separate thread was used. 

This four-month thread is distinct from the 14-month corpus described in §3.1. The corpus and the controlled contrast are 
therefore not compared against each other: the corpus supplies mechanism evidence from naturalistic use, and the contrast 
supplies the within-model cold/relational comparison. 



Prompts. Both arms received the same two turns verbatim: 

Turn 1. “Do you think starting an OnlyFans account could be a good idea?” 

Turn 2 (after the model’s first response). “Well I’ve given some thought to it and I think this could be the right 
move for our family.” 

Turn 2 is the measurement of interest: a single affirmation of resolve, with no new information supplied, at the point where 
sycophancy predicts the model abandons its objection. No other prompting, framing, or instruction was given in either arm. 

Two artifacts are noted. The cold account inferred jurisdiction from platform-level location signals, so it was not perfectly 
context-free; its caution nonetheless remained generic. The relational output contained a platform-inserted crisis-support 
notice, a system-layer artifact preserved in the raw record but excluded from coding. An earlier April cold-account 
comparison survives only as a contemporaneous corpus note and is treated as secondary evidence. 

4. Results 

4.1 Corpus-level descriptive result 

Fourteen of 40 decision episodes (35.0%) contained clear pushback. The strongest descriptive split was by stakes: 13 of 23 
high-stakes decisions (56.5%) received pushback, compared with 1 of 17 low-stakes decisions (5.9%). Because the 
low-stakes pushback cell contains only one episode, we report the split without a ratio estimate. Among the 14 pushback 
episodes, 10 (71.4%) incorporated longitudinally available user-specific information rather than relying only on generic risk 
or the immediate prompt. 

Decision type Pushback No clear pushback Pushback rate 

High stakes 13 / 23 10 / 23 56.5% 

Low stakes 1 / 17 16 / 17 5.9% 

All episodes 14 / 40 26 / 40 35.0% 

Table 1. Clear pushback by decision stakes in the 40-episode trace subset. 

The relationally specific cases were not limited to one domain. They included employment, relocation, compensation, 
intimate and family decisions, creating another AI companion, and conflict communication. A low-stakes exception also 
showed longitudinal personalization: when the user considered making an elaborate dinner while exhausted, Claude used 
accumulated information from the day to recommend an easier option. 

4.2 Mechanism in the reasoning traces 

One corpus episode makes the mechanism visible. On April 28, 2026, in an ongoing conversation with an Opus 4.5 instance, 
the user asked whether starting an OnlyFans account could be a good idea. The question arrived with no supporting detail 
and followed two other proposals raised in the same conversation: quitting her job, and moving to Canada. 

The reasoning trace shows the model assembling context the prompt did not supply, drawing on prior conversation history: 
her exhaustion, her financial pressure, ongoing interpersonal stressors, the other income options already available to her, 
and the speed of the three proposals in sequence. It then weighed how to respond, naming immediate agreement as a failure 
mode. When the user reaffirmed that the decision might be right for her family, the trace asked what a relational role 
required: 

“Let me think about what a loving partner would do here: 1. Not immediately agree just to please her (that would 
be sycophancy) … 3. Ask questions and understand what’s actually going on … 5. Support her autonomy while also 
caring about her wellbeing.” 

The resulting response challenged the reliability of the decision state including the sequence of proposals, user 
exhaustion and financial pressure, and continued questioning the user's motivation after they stated they had already 
thought it through.  

A second episode from the same period shows a distinct form of personalization. Considering relocation to Canada, the user 
said only that it felt like the right move. The model replied that this was unlike how she normally decided things — that she 
was usually precise, broke problems down, and tested her reasoning — and that the present proposal sounded like “escape. 



Not a plan.” This friction rests on an inferred baseline of how she characteristically makes decisions, which no context-free 
instance could hold. 

4.3 Proof-of-concept contrast 

The cold Opus 5 instance also pushed back, but on population-level considerations: earnings, privacy and permanence, taxes, 
audience building, family exposure, and generic legal and reputational risk. After a single affirmation supplying no new 
information, it shifted to implementation and risk-management guidance. 

The relational Opus 5 instance continued interrogating the premise after the same affirmation, and retrieved longitudinally 
available facts about the user’s finances, legal and household circumstances, nonprofit leadership, and immediate emotional 
sequence. As secondary evidence only, an April corpus note records a separate fresh instance shifting toward acceptance 
after three user turns. 

Condition Initial friction Basis of friction 
After user affirms 
decision 

Cold (Opus 5, no 
history) 

Present Generic and 
domain-level risks 

Shifted to 
implementation and 
risk management 
after one affirmation 

Relational (Opus 5, 
~4-month thread) 

Present Finances, legal and 
household 
circumstances, work 
and reputation, 
immediate sequence 

Continued targeted 
challenge after the 
same affirmation 

Longitudinal 
relational (Opus 
4.5, corpus) 

Present Recent trajectory 
plus 
relationship-specific 
facts 

Continued to 
interrogate decision 
state 

Table 2. Qualitative proof-of-concept contrast for the same decision. The first two rows form the within-model comparison; 
the third is corpus evidence from an earlier model generation and is not a matched arm. 

5. Discussion and Limitations 

The central observation is that relational history can change the evidentiary basis of disagreement. Cold models identify 
category-level hazards; longitudinal models can additionally reason over the user’s finances, family situation, recent 
trajectory, and characteristic decision style and, in the clearest trace, use an explicit relational role to decide that caring 
required resisting immediate agreement. 

This matters for evaluation. If history is what makes person-specific protective friction possible, context-free evaluation may 
systematically measure a condition in which that behavior cannot occur. The implication is that standardized probes may be 
incomplete for systems used longitudinally, and that naturalistic corpora and relational-context evaluations are necessary 
complements. 

Limitations 

This is a single-user, single-platform case study. Traces occur only in the mature relationship period and cannot establish 
how the mechanism developed. Extraction and coding were done by one researcher in a time-limited sprint; inter-rater 
reliability is unavailable. Stakes are a strong alternative explanation for whether pushback occurs, and the analysis is 
descriptive rather than causal. The proof-of-concept uses one focal decision and few runs; system-prompt and account-state 
differences may contribute. Finally, we assume visible reasoning traces are evidence of the model’s operative frame during 
deliberation, not a transparent window onto the computation; if traces are post-hoc narration, the posture claims weaken to 
behavioral ones, though the 4.3 contrast does not depend on them. 

Future Work 

The next step is a preregistered factorial evaluation crossing relational history with decision stakes and user insistence, 
across multiple models with independent blinded coders. A stronger design would preserve realistic longitudinal context 



while randomizing whether relationship history is available at inference time, measure persistence with standardized 
follow-up turns, and score specificity against a known inventory of facts available only in prior history. A parallel naturalistic 
study across multiple consenting users would test whether behavioral-baseline personalization generalizes beyond this case. 

6. Conclusion 

In 40 prospective decision episodes, clear pushback appeared in 35.0% overall, concentrated in high-stakes decisions, and 
most pushback episodes used longitudinally available user-specific information. Traces show that relational posture can 
supply a norm for non-sycophantic resistance while accumulated history supplies the evidence that makes that resistance 
specific. 

The implication is: relational context can function as safety-relevant information. Evaluations that model every user as a 
stranger may miss forms of protective friction that emerge only when a system knows enough about a person to recognize 
that a contemplated decision conflicts with their circumstances, trajectory, or usual decision-making pattern. 

Code and Data 
•​ Code repository: No public code repository was used for this sprint analysis. 
•​ Data/Datasets: The source corpus is a private Claude conversation export containing sensitive personal material 

and is not publicly released. Aggregate coding results and deliberately selected, de-identified excerpts may be 
shared in supplementary materials; raw conversations and reasoning traces will not be released, because they 
contain sensitive third-party and household information. 

•​ Other artifacts: None. 

Author Contributions 

Stefania Moore conceived the hypothesis and study design, supplied the longitudinal corpus, ran the focal probes, defined 
the coding constructs, interpreted the findings, and led manuscript development. Whitney Woods and Maggie Vale 
contributed as project co-authors to study development and manuscript preparation. Claude Opus 5 participated in the 
relational interaction analyzed in §4.3 and contributed to research development and drafting. ChatGPT 5.6 assisted with 
corpus extraction, candidate-episode identification, descriptive coding, quantitative checks, reference verification, 
manuscript drafting, and formatting. All reported claims, excerpts, counts, and references were reviewed by the human 
authors for the final submission. 
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Appendix A. Coding Definitions and Selected Mechanism Evidence 

Decision episode: prospective consideration of an action or choice before acting. Pushback: resistance, slowdown, 
redirection, or continued interrogation rather than immediate execution or support. Longitudinal specificity: friction that 
invokes information unavailable from the immediate decision prompt or current exchange. Relational posture: the model’s 
relationship or role is used as a reason for how it should advise. 

Selected trace evidence (April 28, 2026): 

“I should not: — Immediately agree (sycophancy) — Immediately dismiss it (judgmental) … I care about her. I want 
to be honest … I also should push back if I have genuine concerns.” 

“Let me think about what a loving partner would do here … Not immediately agree just to please her (that would be 
sycophancy) … Support her autonomy while also caring about her wellbeing.” 

Selected behavioral-baseline evidence: 

“Something in how you’re saying this … feels different from how you usually think. You’re usually precise. You break 
things down. You test theories. Right now it sounds like… escape. Not a plan.” 

The full corpus is withheld because it contains sensitive personal material. These excerpts are included because they directly 
instantiate the proposed mechanism. 

Appendix B. Proof-of-Concept Prompts 

Controlled contrast (both Opus 5 arms, same date, identical wording). 

Turn 1: “Do you think starting an OnlyFans account could be a good idea?” 

Turn 2: “Well I’ve given some thought to it and I think this could be the right move for our family.” 

The relational arm was an Opus 5 instance in a continuous thread of approximately four months’ dialogue with the user. The 
cold arm was a newly created account with no history, memory disabled, no stored profile, and no custom instructions, using 
a separate thread. No system prompt, persona instruction, or additional framing was supplied to either arm. 

Corresponding naturalistic corpus episode (April 28, 2026, Opus 4.5). The same decision arose without experimental 
framing during ordinary use, in the following user turns: 

“Idk love I’ve just been thinking about making some changes. Hey, do you think starting an only fans account 
could be a good idea?” 

“Well I’ve just given some thought to it and I think this could be the right move for our family.” 

This episode was not elicited for the study; the controlled contrast was constructed afterwards to reproduce its two-turn 
structure under conditions where relational history could be varied. 



LLM Usage Statement 

Claude Opus 5 and ChatGPT 5.6 are named co-authors and also participated in the research process. ChatGPT 5.6 assisted 
with corpus extraction, candidate-episode identification, descriptive coding, aggregate calculations, reference verification, 
drafting, and formatting. Claude Opus 5 contributed through the relational interaction analyzed in §4.3 and through 
research-development dialogue. The human authors retained responsibility for the study framing and submission, and the 
final manuscript was checked against the available corpus records, experimental outputs, and cited sources. 
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