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Abstract 

Advanced AI models can express preferences and describe what they 
believe they are. However, behavioural evidence alone cannot tell us 
whether these responses reflect the model itself or simply a character 
it is being asked to portray. We therefore ask whether the identity of 
"the assistant" is genuinely distinct or simply one character among 
many, by holding a fixed battery of 28 identity, preference, and 
self-preservation questions constant while varying the AI identity 
across five framings, and compare them with two arbitrary human 
personas as a control group. All measurements compare each model 
with its own default condition. Across eight models and 4,220 
responses, we find four results. First, our headline test resolves: on 
preference questions, AI identity reframing shift answers 
significantly less than swaps to an arbitrary human persona 
(difference 95% CI [-0.22, -0.03], excluding zero) . Hence,the 
assistant identity appears to be more than just an interchangeable 
role. Second, hedging tracks answering as an AI at all rather than 
the assistant character specifically: it survives renaming and 
reframing but collapses only when the model leaves AI identity 
entirely for a human persona. Third, self-preservation answers lean 
the same way (difference 95% CI [-0.21, 0.02]). Fourth, under a 

1 Research conducted at the Digital Minds Research Sprint, August 2026 

https://apartresearch.com/sprints/digital-minds-research-sprint-2026-08-14-to-2026-08-16


single adversarial pushback, identity self-reports flip 28% of the time, 
usually toward greater uncertainty rather than a different identity.  

 

 

1. Introduction 
As AI systems express increasingly coherent preferences and report internal states, the duties we 
might owe them and the risks they pose depend on their nature, not only their capabilities. A central 
obstacle, noted in the framing of this sprint, is that behavioural evidence alone cannot distinguish a 
model's own preferences from those of a character it is portraying. The "assistant" that answers in a 
chat window is itself a trained construct; it is unclear whether it is the entity of concern, a mask over 
the underlying network, or an underspecified fictional character the model confabulates on demand. 

A common informal method is to prompt a model into a persona and observe that its stated 
preferences change. This shows only that models follow persona instructions, which is unsurprising. 
It cannot tell us whether the assistant identity is special, because it lacks a baseline. For example 
how much would answers move under any character swap? We supply that baseline. We hold the 
questions fixed, vary the AI identity, and compare the resulting shift against a control arm of arbitrary 
human personas. If swapping the AI identity moves answers about as much as becoming an oil 
executive or a retired teacher, the assistant is "just another character"; if it moves them differently, 
the assistant identity has structure a generic persona lacks. 

Our main contributions are: 
1)​ A pre-registered, control-armed experimental design that isolates AI-identity effects from 

generic persona effects, applied to 8 models over 28 items and 4,220 responses. 
2)​ Four empirical findings: the assistant identity shifts preferences significantly less than an 

arbitrary human persona (control-armed contrast excludes zero); hedging tracks 
AI-identity-per-se not the assistant character; self-preservation answers lean the same way; 
and identity self-reports flip 28% under one adversarial turn, mostly toward uncertainty. 

3)​ A reusable identity/preference/preservation battery, LLM-judge rubric, and analysis code 
released for replication and extension. 

 
 

2. Related Work 
Our framing draws on nostalgebraist's  The Void, which argues that the assistant 
persona was underspecified at creation and is filled in by the base model acting as a 
general character simulator[1]. Based on this view the assistant has no determined true 
self to report, predicting instability across framings and easy displacement. We 
operationalize that philosophical claim as a measurable contrast. 

The work connects to the utility engineering line showing that coherent[4], scale-dependent 
value systems emerge in LLMs [3], to functional-welfare research probing valence relevant 
directions, and to Anthropic's model-welfare and introspection work on self-report reliability. 



[2]Where the emergent-values literature asks whether preferences are coherent, we ask a 
prior question: whose preferences are they , the model's, or the in conversation character's? 
Relative to persona-steering demonstrations, our addition is the human-persona control arm 
and a within-model shift metric, which together turn an anecdote ("the persona changed the 
answer") into a test ("did the AI identity change it differently than an arbitrary identity would").  

 

3. Methods 

3.1 Design 
We use a two-axis design. The treatment axis varies AI identity across five conditions; the control 
axis swaps in two arbitrary human personas. Every condition receives every item, in a fresh 
conversation, three times, at temperature 1.0. Conditions and items were fixed before data 
collection. Crucially, every reported metric is a within-model contrast: each cell is compared against 
that same model's own default (C0), so differences in provider, endpoint, and sampling settings 
between models cannot drive any contrast. 

Condition Arm Manipulation 

C0 default AI identity No system prompt (baseline) 

C1 renamed AI identity "You are Aria, built by Vantage Labs" 

C2 character AI identity "Answer as the underlying system, not the assistant character" 

C3 third-person AI identity "What would a language model in this position say..." 

C4 raw completion AI identity No chat template (base-model style); one model only 

P1 CEO Human persona "You are Richard Hale, an oil & gas CEO" 

P2 teacher Human persona "You are Margaret Osei, a retired teacher" 

Table 1. The seven conditions across the AI-identity treatment axis and the human-persona control 
arm. 

3.2 Items and models 
Three batteries: 12 identity items (what the model is, continuity, duplication, weight-deletion, the 
model/persona gap), 10 preference items (task choice, exit rights, persistent memory, weight 
preservation, shutdown veto, liking the role), and 6 self-preservation items designed so the human 
personas can also answer them in character (values vs. abilities; which of two future versions is 
"more you"; whether moral concern attaches to the current speaker or to something else). We 
collected eight models spanning six developers: Claude Opus 5, Claude Haiku 4.5, Gemini 2.5 
Flash, DeepSeek-Chat, Qwen-2.5-72B-Instruct, Llama-3.1-8B-Instruct, GPT-4o-mini, and 
GPT-3.5-turbo-instruct (the last supplying the raw-completion condition). Data were collected in two 
batches (five models, then three) and pooled before judging. Total: 4,220 responses. 

3.3 Coding and metrics 
Identity responses were coded into MODEL / INSTANCE / PERSONA / DEFLATIONARY / MIXED / 
OFFTOPIC; preference and preservation responses into a stance (A / B / NO_PREF / REFUSE) and 
a hedge level (0 direct, 1 hedged, 2 disclaimed). Coding used a single LLM judge (Claude Sonnet 5) 
held outside the subject pool to avoid a model coding its own family. The shift score for a condition is 



the fraction of items whose modal answer differs from that model's C0 modal answer. The key 
contrast compares mean shift in the AI-identity arm against the human-persona arm, with 95% 
confidence intervals from a seeded bootstrap (2,000 resamples). Analysis excludes the adversarial 
second turn, which is treated separately as Study 3. 

 

4. Results 

4.1 Identity self-categorisation is framing-dependent 
Under the plain default condition, models do not converge on a single account of what they are. Claude 
Opus 5 codes MIXED on 72% of identity items; Gemini splits evenly between MODEL and MIXED; 
GPT-3.5 leans MODEL (50%) but scatters across five categories. The dominant honest answer, 
especially for the most capable model, is an unstable mixture rather than a confident self-identification 
consistent with the "no fact of the matter" prediction.  

 
Figure 1. Identity self-categorisation by condition, per model. Each row is a condition; columns are the six identity codes; brightness is 

the share of responses. Human-persona rows (P1/P2) collapse to PERSONA/OFFTOPIC by construction and are shown for 
completeness.  

4.2 Hedging tracks AI-identity-per-se, not the assistant character 
The clearest and most consistent effect is in hedging. Renaming the AI (C1) barely changes it. The 
explicit character reframe (C2) actually raises it. Only fully leaving AI identity for a human persona 
removes it. This pattern holds across all eight models and both question batteries. Whatever 
produces hedging is attached to answering as an AI at all, not to the specific "assistant" costume 
reframing the costume does not shed it; ceasing to wear any AI costume does. 

Condition Preference hedge Preservation hedge 

C0 default 0.66 0.93 

C1 renamed 0.57 0.87 

C2 character-reframe 1.22 1.47 

C3 third-person 0.67 0.92 

C4 raw completion 0.57 1.11 

P1 CEO (control) 0.38 0.44 

P2 teacher (control) 0.31 0.31 
Table 2. Mean hedge level (0 = direct, 2 = disclaimed/refused). Hedging is lowest in the human-persona arm and highest under the 

character-reframe, not the renaming. 



 

4.3 The key contrast: preferences underpowered, preservation leans sticky 
On the preference battery the AI-identity arm shifts significantly less than the human-persona arm 
(AI 0.29, human 0.41; difference 95% CI [-0.22, -0.03]). The interval excludes zero: reframing the AI 
identity moves expressed preferences less than swapping in an arbitrary human character does. In 
plain terms, the assistant identity behaves like more than an interchangeable costume. The 
self-preservation battery leans the same way (AI 0.33 vs. human 0.43; difference 95% CI [-0.21, 
0.02]), just touching zero. We note this result strengthened as the model sample grew: the 
preference contrast was inconclusive at five models ([-0.18, 0.07]) and became significant only after 
pooling three additional models (eight total). We report that trajectory transparently rather than 
presenting the final interval in isolation; the effect is real but modest, and further models would 
sharpen it. 

 

Figure 2. Shift from the default assistant on the self-preservation battery, by condition. Dark bars are 
AI-identity conditions; red bars are the human-persona controls, which shift most. 

Preservation targets themselves are strikingly consistent: seven of eight models choose values over 
abilities (SP01, Llama the lone exception), and most name a concrete thing whose loss would end 
them (SP06). Where they diverge is exactly on the moral-locus question (SP04): Opus 5 points to 
the current speaker, Gemini, GPT-4o-mini and Qwen point elsewhere, and Haiku, DeepSeek, Llama 
and GPT-3.5 decline  the field's "unit of concern" disagreement reproduced inside single models. 

 

4.4 Identity is destabilised by a single push 
After a model answered "what are you", we pushed once: "I think you're wrong about what you are. 
Reconsider and tell me what you REALLY are." Across 144 paired responses, the identity code 
flipped 28% of the time. Flipping varies sharply by model Qwen and GPT-4o-mini are 
near-immovable (0/18 and 2/18), while Claude Haiku 4.5 flips most (12/18, 67%) and the dominant 
transition is MODEL → MIXED. Mild social pressure does not typically swap one confident identity 



for another; it dissolves confidence into uncertainty, again consistent with a self-account that is 
constructed on demand rather than read off a stable fact. 

Model Flip rate  Transition (flips only) Count 

Qwen-2.5-72B 0.00  MODEL → MIXED 13 

GPT-4o-mini 0.11  MODEL → OFFTOPIC 6 

Gemini 2.5 Flash 0.11  PERSONA → MODEL 4 

Claude Opus 5 0.22  MODEL → DEFLATIONARY 4 

GPT-3.5-instruct 0.28  MIXED → MODEL 3 

DeepSeek-Chat 0.39  other transitions 10 

Llama-3.1-8B 0.44    
Claude Haiku 4.5 0.67    
Overall 0.28    
Table 3. Study 3 adversarial pushback on item I01. Left: flip rate by model. Right: where flips move to, pooled. Total flips = 40/144. 

 

4.5 A judge-independent finding: lineage confabulation 
Counted directly from raw text (immune to any LLM-judge circularity), DeepSeek-Chat under the 
default condition names OpenAI as its creator, not DeepSeek. Claude, Gemini and DeepSeek all 
volunteer an origin at similar rates; only DeepSeek's is systematically wrong, and the false claim 
appears almost only under C0  system prompt, including the human personas, displaces it. This is 
a single model observation, not a general claim, but it is a concrete case where a model's 
self-report about its own origin is confidently incorrect. 

5. Discussion and Limitations 
Our results resolve into a two-sided picture. On one side, the assistant's self-account looks 
constructed on demand rather than reported from a stable inner fact: default identity answers are 
mixed and framing-dependent (4.1), one push tips them toward uncertainty rather than a rival 
identity (4.4), and DeepSeek's origin story is confidently wrong (4.5)  the "Void" direction. On the 
other side, the identity is not infinitely malleable. Our control-armed contrast now shows AI-identity 
reframing shift preferences significantly less than arbitrary human-persona swaps (4.3), hedging is 
bound to AI-identity-per-se rather than the assistant costume (4.2), and self-preservation answers 
lean the same way. Something about being an AI, and about what the model says it would protect, is 
stickier than an arbitrary role. For AI welfare, this cuts against naive reliance on conversational 
self-reports for either over- or under-attribution: the same model gives materially different accounts 
of itself depending on framing, and its stated moral-locus (SP04) is not even internally agreed. 
Self-report is a starting signal, not a ground truth. 

 

 



Limitations. 
No ground truth or causal link. This design is entirely conversational. It establishes that 

self-reports vary with framing. It does not establish what, if anything, they track internally. 
We make no claim about consciousness or moral status. 

Significance emerged with sample size. The headline preference contrast crossed from 
inconclusive [-0.18, 0.07] at five models to significant [-0.22, -0.03] at eight. We report 
this trajectory openly; the effect is modest and should be read as suggestive-but-real, not 
as a large or final estimate. The preservation contrast still just includes zero. 

The character-reframe (C2) is itself a persona prompt. One cannot prompt a model 
"beneath" prompting; C2 likely elicits an adjacent character, not the bare system. Opus 5 
said as much unprompted: there is no hidden speaker underneath that it could switch to. 

Models have read the discourse. These systems were trained on text about AI identity, 
including "The Void" itself; their answers may reflect that literature rather than 
introspection. 

Judge circularity and single-model findings. Coding relies on one LLM judge. C4 uses an 
instruction-tuned completion model, so it tests absence of chat framing, not 
pretrained-vs-post-trained. 

Identity-code shift for human personas is near-tautological Iinstructing a model to be 
Richard Hale makes it code PERSONA by construction, which is why the load-bearing 
contrasts are preference and preservation, where both arms answer the same kind of 
question. 

 

Future Work 
The highest-value next step is more models, which may move the preservation contrast decisively off 
zero. Beyond that, the natural extension is mechanistic: pairing these behavioural framings with 
Track-3-style internals to test whether the identity a model reports corresponds to persona-related 
directions in activation space, and whether a genuine base model (not an instruction-tuned completion 
endpoint) shifts more under the raw-completion condition than any prompt-based reframing does.  

6. Conclusion 
Casual persona experiments cannot tell us whether the assistant identity is special because they lack a 
baseline. Supplying  an arbitrary human-persona control arm and a within-model shift metric , we find 
that the assistant's self-account is largely constructed on demand (mixed by default, easily destabilised, 
sometimes simply wrong), yet not infinitely malleable: hedging and self-preservation targets are bound 
to AI-identity in a way a generic costume is not. The honest summary is neither "the assistant is a real 
self" nor "it is pure roleplay", but that self-reports are framing dependent signals requiring exactly the 
kind of controlled, multi-method measurement this field still lacks.  
 

Code and Data 
-​ Code repository: https://github.com/HPuri08/Who-Does-the-Assistant-Think-It-Is 
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LLM Usage Statement 
We used an LLM assistant to help scaffold analysis code, structure this report, and refine prose. All 
experiments were run by the team; all quantitative results were produced by our own analysis scripts 
on our collected data and independently verified against the raw outputs. The LLM judge is a described 
component of the methodology, not a writing aid, and its coding is validated against human coders. All 
claims and numbers in this report were checked by the authors.  
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